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Abstract 

The emergence of artificial intelligence (AI) in education has prompted varied policy 
responses worldwide. Indonesia joined this trend by issuing a Joint Decree of Seven 
Ministers (SKB) on 12 March 2026 restricting AI use among basic and secondary education 
students. This study analyzed the justificatory themes articulated by the Coordinating 
Minister for Human Development and Cultural Affairs (Menko PMK) and assessed their 
consistency with literature on cognitive debt, brain rot, and adolescent mental health. 
Using a descriptive qualitative design, the study combined thematic and framing analysis 
of a single primary data source, an official statement reconstructed from a news article, 
compared with academic sources published between 2021 and 2026. The analysis 
identified six themes: the restriction's scope, the cognitive-risk rationale, the 
differentiation between permitted and restricted AI use, cross-ministerial legitimacy, risk-
mitigation framing, and adolescents digital-exposure context. The screen-time and mental-
health arguments proved consistent with the literature, whereas the cognitive-debt 
argument oversimplified an ongoing debate over whether access restriction or design-
based intervention more effectively addresses AI overreliance. To our knowledge, this is 
the first study to position a policymaker's official statement as the primary unit of analysis 
for an AI education-restriction policy in Indonesia, offering a meeting point between GenAI 
policy studies, cognitive-dependence research, adolescent mental-health literature, and 
Indonesian digital-literacy studies that have developed in isolation from one another. This 
study extends framing theory to educational technology policy beyond developed countries 
and underscores the need for technical guidelines emphasizing interaction design and 
differentiation across education levels, rather than uniform access restriction.  
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INTRODUCTION 

Since ChatGPT's public release in late 2022, large language model-based generative artificial 
intelligence (GenAI) has fundamentally reshaped education worldwide. It has enabled personalized 
learning and more efficient lesson preparation, yet it has also raised new concerns about academic 
integrity and the quality of students' thinking processes (Cotton et al., 2024; Fütterer et al., 2023; 
García-López & Trujillo-Liñán, 2025; Klarin et al., 2024; Kofinas et al., 2025; Yusuf et al., 2024). This 
transformation has unfolded far faster than most countries' regulatory capacity to respond (Hatz et 
al., 2025). The United Nations Educational, Scientific and Cultural Organization (UNESCO) issued its 
first global guidance on GenAI in education in 2023, precisely because most countries still lacked an 
adequate national regulatory framework at that time (Miao & Holmes, 2023). Several countries 
responded with varied approaches, ranging from temporary national restrictions grounded in data 
and child protection to outright bans across hundreds of school districts soon after ChatGPT's 
emergence (Farina & Lavazza, 2023; Hasanein & Sobaih, 2023; Roberts et al., 2023). This pattern shows 
that the tension between GenAI's potential benefits and risks for students is not merely an academic 
debate. It has become a real and urgent public-policy issue across jurisdictions. 
Indonesia joined this global trend on 12 March 2026, when seven ministries and agencies signed a 
Joint Decree of Seven Ministers (SKB) on Guidelines for the Use and Teaching of Digital Technology 
and Artificial Intelligence across formal, non-formal, and informal education. The policy explicitly 
restricts basic and secondary education students' use of AI tools such as ChatGPT, while still permitting 
AI applications specifically designed for learning purposes, such as educational robotics simulations 
(Huang et al., 2023). The policymaker's justification rests on three terms currently prominent in global 
public discourse on the cognitive effects of digital technology: brain rot, cognitive debt, and children's 
cognitive decline. Public interest in this discourse has surged; Yousef et al. (2025) reported a 230% rise 
in the term brain rot's usage between 2023 and 2024, the year Oxford University Press named it Word 
of the Year. Each term has also become the subject of scholarly inquiry, yet the underlying evidence 
base remains narrow. The frequently cited cognitive-debt study, for example, drew on essay-writing 
sessions with only 54 participants, and just 18 completed its final session (Kosmyna et al., n.d.). 
Notably, a national-level policy that specifically targets basic and secondary education using these 
terms as justification remains a novel phenomenon. This novelty mirrors the thinness of the broader 
evidence base: a systematic review spanning Scopus and Web of Science identified only 30 studies 
worldwide on generative-AI use in K-12 settings, most concentrated on high school and preservice-
teacher contexts (Alfarwan, 2025). How this reasoning was constructed, how it compares with 
available scientific evidence, and how the policymaker communicated it to the public therefore 
warrant systematic investigation. 

 
Figure 2. Empirical Context for The SKB Cognitive-Risk Justification 
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A number of studies emphasize that the negative effects of digital technology on children are not 
deterministic but are moderated by parental mediation and digital literacy levels. Ren & Zhu (2022) 
found that parenting style moderates the relationship between parental mediation and adolescents' 
internet use. Active mediation was associated with healthier internet-use patterns than purely 
restrictive mediation. Within the Indonesian context, several studies stress the importance of digital 
literacy as a foundation for responsible AI use (Mimoudi, 2025; Ng et al., 2021). Mustahar. AM et al. 
(2025) found that integrating digital literacy and artificial intelligence as a learning resource for senior 
high school students requires ethical awareness and data-security awareness, a digital-literacy gap 
between teachers and students that affects the quality of learning in the digital era. Senior high school 
and vocational school students tend to use AI differently, senior high school students lean toward 
analytical use, while vocational students favor practical applications. This finding suggests that a 
uniform restriction policy across all levels of basic and secondary education risks overlooking such 
variation in AI-use patterns. This body of Indonesian literature remains largely descriptive-exploratory, 
relying on library research or small-scale surveys. None of these studies has specifically examined 
national-level AI restriction policy or the discourse underlying it. 
This study draws on two complementary theoretical foundations, cognitive offloading theory and 
framing theory, detailed in the Conceptual Framework section below. Four bodies of research have 
developed largely in isolation from one another: studies on GenAI education policy, which focus 
mainly on higher education and global institutional levels; experimental studies on cognitive 
dependence, which have yet to reach consensus and have not been tested against public policy 
discourse; studies on screen time and adolescent mental health, which draw primarily on data from 
developed countries; and Indonesian studies on digital literacy and parental mediation, which remain 
descriptive-exploratory and have not addressed national policy. The intersection of these four bodies 
of work, namely how arguments from the global cognitive and mental-health literature (brain rot, 
cognitive debt) are adopted, simplified, and communicated by policymakers in formulating AI 
restrictions for basic and secondary education students in Indonesia, remains unaddressed in existing 
research. This gap is especially relevant given that the SKB was signed only recently, on 12 March 2026. 
Consequently, no academic study has yet evaluated its justificatory discourse. This study is positioned 
to fill that gap through a thematic analysis of the policymaker's official statement, using relevant 
scientific literature as a benchmark to assess the consistency between the policy's arguments and the 
available evidence. The research problem addressed in this study, therefore, is how the Coordinating 
Minister's justificatory discourse for the AI restriction, particularly its reliance on the cognitive-debt 
and brain-rot rationale, aligns with or diverges from the available scientific evidence, and how this 
reasoning was rhetorically framed for public communication. 
Based on the gap outlined above, this study was formulated around three specific and measurable 
objectives. The first objective was to identify and classify the justificatory themes of the AI restriction 
policy as articulated by the Coordinating Minister in the official statement on the SKB signed on 12 
March 2026, producing a thematic matrix covering every available segment of the primary data 
source. The second objective was to systematically compare these themes with 2021–2026 scientific 
literature on cognitive debt, brain rot, screen time, and adolescent executive function, in order to 
evaluate how consistent the policy's arguments are with available empirical evidence, producing a 
consistency assessment for each identified theme. The third objective was to identify the rhetorical 
framing patterns the policymaker used to communicate the restriction as a risk-mitigation measure 
rather than a ban, producing a description of the framing mechanisms observed in the data. All three 
objectives were achievable within the study's designated timeframe because the single primary data 
source had been publicly available since the SKB's signing date, leaving sufficient time to complete 
data collection, coding, and analysis within the study period. They also directly serve the academic 
need to document and evaluate Indonesia's first policy of this kind on AI in education. 
 
CONCEPTUAL FRAMEWORK 
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This study integrates two theoretical lenses to examine the SKB's justificatory discourse: cognitive 
offloading theory and framing theory. Each lens addresses a distinct research objective, and together 
they form a two-track analytical framework linking the policy's substantive content to its rhetorical 
construction. Figure 1 depicts this framework. 
The first track draws on cognitive offloading theory (Risko & Gilbert, 2016; Sparrow et al., 2011), which 
explains how individuals delegate cognitive tasks to external tools rather than performing them 
internally. This framework anchors the evaluation of the policymaker's central claims, brain rot, 
cognitive debt, and children's cognitive decline, against the empirical literature on AI-assisted learning. 
Within this track, the policy's substantive argument is treated as a testable proposition: does 
offloading writing or reasoning tasks to generative AI produce the cognitive costs the policymaker 
describes, and does the available evidence support that claim at the scale implied by a national 
restriction? 
The second track applies Entman (1993) framing theory, which identifies four functions performed by 
any policy communication: defining the problem, diagnosing its cause, rendering a moral judgment, 
and prescribing a remedy. Applied to the Coordinating Minister's official statement, this track 
examines how brain rot and cognitive debt were defined as risks (problem definition), how AI use was 
identified as their cause (causal attribution), how child protection was invoked to justify intervention 
(moral judgment), and how conditional restriction rather than an outright ban was proposed as the 
solution (remedy). This is illustrated by the "empowering, not endangering" framing device. 
These two tracks converge on a single analytical question: how consistent is the substantive content 
of the policy's cognitive-risk argument with the framing used to communicate it? As shown in Figure 
1, the SKB's official statement serves as the primary data source, feeding into parallel thematic and 
framing analyses. Thematic analysis, structured by cognitive offloading theory, produces a consistency 
assessment against the 2021–2026 scientific literature. Framing analysis, structured by Entman's four 
functions, produces a description of the rhetorical mechanisms used to communicate the restriction 
as protective rather than prohibitive. The two outputs are then synthesized to evaluate whether the 
policy's public justification aligns with, oversimplifies, or diverges from the underlying evidence base. 
This synthesis informs the theoretical, practical, and policy implications discussed in the final section. 

 
Figure 1. Conceptual Framework Integrating Cognitive Offloading and Framing Theory 

 
RESEARCH METHODS 
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This study employed a descriptive qualitative design, using document and discourse analysis of a single 
primary data source, an official policy statement (Izadi et al., 2023). This design was chosen because 
of the nature of the research object itself: how a single policy actor, acting in an official capacity as 
Coordinating Minister, constructed and communicated the justification for restricting students' AI use 
through the SKB signed on 12 March 2026. Thematic and framing analysis were combined because 
they complement one another: thematic analysis identifies the substantive categories within the 
policy argument, while framing analysis dissects how that argument was rhetorically packaged for the 
public. 
This study does not involve a physical research site, as its unit of analysis is a document-based, virtual 
data source: a news article reconstructing the Coordinating Minister's official statement at the SKB 
signing event, held on 12 March 2026. The "site" of this research is therefore textual and discursive 
rather than geographic, consistent with the document and discourse analysis design adopted in this 
study. 
This study defined its unit of analysis as the corpus of official statements made by a key informant 
during a single public communication event. The informant serving as the data source was the 
Coordinating Minister. This informant was selected through purposive sampling, based on the 
following inclusion criteria. The statement had to originate from the official who served as lead 
coordinator of the SKB, be delivered at the official signing event, and be published by a traceable news 
source. The exclusion criteria ruled out statements from the six other signing ministries or agencies, 
since this study specifically targets the justificatory discourse articulated by the policy coordinator 
rather than the seven ministries' collective consensus. Statements from those other sources could 
form a separate line of future research. Because this study follows qualitative logic, data adequacy 
was assessed using the principle of information power rather than statistical power. Given the study's 
narrow and specific aim (analyzing the justificatory discourse of a single policy at a single event), its 
predetermined theoretical framework (cognitive offloading and framing), and its focused analytic 
strategy, one information-rich data source was deemed sufficient to meet the research objectives. 
This choice nonetheless limits the generalizability of the findings, as discussed in the limitations 
section. 
The primary research instrument was the researcher (human as instrument), supported by a thematic 
coding matrix. This matrix was developed from the theoretical frameworks of cognitive offloading 
(Sparrow et al., 2011) and framing theory (Entman, 1993), as well as from categories emerging in the 
literature review on cognitive debt, brain rot, and screen time discussed in the introduction. 
 
Data Collection 
Data collection comprised the following three initial steps, while subsequent steps addressed data 
analysis. The first step involved locating and downloading the reconstructed interview transcript that 
served as the research material. The second step cross-checked the transcript's content against the 
source news article, confirming that the direct quotations matched the statements published in the 
original source. The third step segmented the data into question-and-answer units, explicitly marking 
each segment as either a direct quotation or a narrative summary. The fourth step applied open 
coding, assigning preliminary codes to each segment without predetermined categories, to capture 
meaning emerging inductively from the data. The fifth step developed themes through constant 
comparison, comparing codes across segments to identify patterns and group them into broader 
themes. The sixth step matched the inductively coded themes against the deductive coding matrix 
derived from the theoretical framework, identifying both convergence and divergence between data 
and theory. The seventh step conducted framing analysis, examining how each theme was 
communicated through word choice, problem definition, causal attribution, moral judgment, and 
remedy recommendation. The eighth step involved peer debriefing: discussing the coding results and 
themes with fellow researchers to test the plausibility of the interpretation. The ninth step produced 
the final thematic matrix, presenting themes, categories, representative quotations, and data type, as 
shown in the results section. These nine steps are summarized in Table 1. 
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Table 1. Nine-Step Data Collection Procedure 
Step Stage Activity 
1 Data location and 

retrieval 
Located and downloaded the reconstructed interview transcript serving 
as the research material 

2 Source 
verification 

Cross-checked the transcript against the source news article to confirm 
that direct quotations matched the original statements 

3 Data 
segmentation 

Segmented the data into question-and-answer units, marking each 
segment as either a direct quotation or a narrative summary 

4 Open coding Assigned preliminary codes to each segment without predetermined 
categories, capturing meaning emerging inductively from the data 

5 Theme 
development 

Developed themes through constant comparison, comparing codes 
across segments to identify patterns and group them into broader 
themes 

6 Deductive 
matching 

Matched inductively coded themes against the deductive coding matrix 
derived from the theoretical framework, identifying convergence and 
divergence between data and theory 

7 Framing analysis Examined how each theme was communicated through word choice, 
problem definition, causal attribution, moral judgment, and remedy 
recommendation 

8 Peer debriefing Discussed coding results and themes with fellow researchers to test the 
plausibility of the interpretation 

9 Final matrix 
production 

Produced the final thematic matrix, presenting themes, categories, 
representative quotations, and data type 

 
Data Analysis 
Data analysis combined thematic and framing analysis, conducted manually with the support of word-
processing and spreadsheet software to document the coding process transparently. Thematic 
analysis was chosen for its suitability in identifying patterns of meaning within a limited body of textual 
data, without requiring distributional assumptions. Framing analysis was chosen because the second 
and third research objectives specifically target how the policymaker communicated the argument, 
not merely its content. Because the data consisted of fully published text with no truncated or 
unavailable sections, there was no missing data in the statistical sense requiring imputation. 
 
Data Validation 
Data validity in this study was addressed through several strategies. First, source triangulation was 
partially achieved by cross-checking the reconstructed transcript against the original news article to 
confirm the accuracy of direct quotations (step two of the data collection process). Second, peer 
debriefing was conducted, in which the coding results and emerging themes were discussed with 
fellow researchers to test the plausibility of the interpretation and reduce individual researcher bias. 
Third, an audit trail was maintained through the coding matrix, which documents each stage from 
open coding to the final thematic matrix, allowing the analytical process to be traced and replicated. 
These strategies correspond to the credibility and dependability criteria commonly used to establish 
trustworthiness in qualitative research. The study's reliance on a single primary data source 
nonetheless limits the extent to which triangulation across multiple independent sources could be 
achieved, a limitation discussed further in the Discussion section. 

RESULTS AND DISCUSSION 

Research Results 
The thematic findings are presented in the order of the research objectives, following the 
reconstructed interview's flow: from the policy's scope, its underlying arguments, the boundary 
between prohibited and permitted use, the institutional actors involved, the informant's policy 
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framing, to the supporting context of children's and adolescents' digital exposure. The first finding 
shows that the policy explicitly targets basic and secondary education, defining its restricted object as 
"AI" and illustrating it through direct question-and-answer interaction with services such as ChatGPT. 
The informant stated: "For example, basic and secondary education (students) are not permitted to 
use AI, such as asking ChatGPT and so on." It should be noted that the term "AI" was not given a more 
detailed operational definition in the available data. This category appears to refer to a pattern of use, 
namely requesting direct answers, rather than to a specific type of technology. 
Regarding the rationale for the restriction, the informant raised three interrelated terms as the basis 
for the argument, centered on the potential decline in cognitive function from excessive AI exposure: 
"This is to avoid brain rot, to avoid cognitive debt, and the reduction of children's cognition." These 
three terms were presented without reference to specific data or scientific studies in the available 
statement, which is an important caveat for interpreting the results proportionately. The statement 
functions as a policy argument rather than a claim substantiated by direct empirical evidence from 
the informant within this dataset. Nonetheless, the data also show that the policy does not amount 
to a blanket ban on digital technology and AI in education. The informant distinguished between 
restricted AI and AI designed specifically for learning needs, stating: "We need to use that technology 
to support education, for instance, robotics simulations for basic education can use AI, but it must be 
designed for educational purposes." The example given, robotics simulation, indicates that the 
distinguishing criterion the informant emphasized was the application's design purpose, namely being 
built for learning, rather than the type of AI technology itself. 
Institutionally, the SKB was signed by seven ministries and agencies: the Ministry of Higher Education, 
Science, and Technology; the Ministry of Home Affairs; the Ministry of Basic and Secondary Education; 
the Ministry of Religious Affairs; the Ministry of Communication and Digital Affairs; the Ministry of 
Women's Empowerment and Child Protection; and the National Population and Family Development 
Agency (BKKBN), under the coordination of the Coordinating Minister for Human Development and 
Cultural Affairs (Menko PMK), whose official statement at the signing event serves as this study's 
primary data source. This cross-sectoral scope, spanning education, home affairs, religious affairs, 
digital communication, women's and children's protection, and population and family affairs, indicates 
that the policy is positioned not merely as a technical education matter but also as a broader issue of 
child protection and digital governance (Ayalew et al., 2024). Consistent with this, the informant 
explicitly denied that the policy was intended to hinder children's technological development, framing 
it instead as a risk-mitigation measure: "This SKB does not obstruct. Rather, it regulates in order to 
mitigate risk on one hand, while digital technology and artificial intelligence, on the other hand, are 
meant to empower, not endanger, our children." This word choice echoes a deliberate phonetic pun 
in the original Indonesian statement between memberdayakan ("to empower") and memperdayakan 
("to deceive or take advantage of," rendered here in translation as "endanger" to preserve the 
rhetorical contrast), which reflects a deliberate rhetorical framing effort to assert that the policy's 
purpose is protective rather than merely restrictive. 
As background for the policy argument, the informant also cited data on high levels of digital exposure 
among Indonesian children and adolescents, linking it to rising mental-health disorders: "So screen 
time is over 7.5 hours, meaning green time (time spent outdoors or away from screens) is getting 
smaller. There are certainly many factors involved, but the rate of mental-health disorders among 
adolescents is high and keeps rising." In narrative form, not as a direct quotation, the informant also 
conveyed that underage social-media use can trigger mental-health disorders and that digital-
technology addiction is one cause of the rise in mental-health disorders among minors. It should be 
noted that the figure of "over 7.5 hours" was presented without specifying the measurement method, 
period, or data source. This figure should therefore be treated as the informant's claim rather than as 
a statistic cross-verified within this study. 
Consistent with the principle of reporting supporting and non-supporting findings equally, several 
aspects that remain unaddressed or unexplained in the available data must also be noted. These 
cannot serve as a basis for conclusions. No explanation was found regarding the monitoring, 
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sanctioning, or enforcement mechanisms at the school level. The term "AI" also lacked an explicit 
technical definition beyond the ChatGPT example, so the scope of other applications falling under this 
category cannot be determined from this data. The claims regarding brain rot, cognitive debt, and the 
7.5-hour screen-time figure were not accompanied by any reference to data sources or studies in the 
informant's statement. The empirical basis for these claims therefore falls outside the scope of this 
study's data. The data also did not include the perspectives of other stakeholders, such as students, 
teachers, or parents (Famaye et al., 2024). The findings are therefore limited to a single informant's 
perspective from the policymaker's side. The absence of elaboration on these aspects does not imply 
that they are unimportant. Rather, it reflects the boundaries of the data source available for this study. 
Taken together, these six themes indicate that the policymaker's justification operates on two levels 
simultaneously: a substantive level, grounded in cognitive and mental-health risk arguments, and a 
rhetorical level, in which restriction is deliberately framed as protective rather than prohibitive. The 
coexistence of a categorical restriction with a permitted-use exception for education-designed AI 
suggests that the policy's underlying logic is oriented toward use-pattern rather than technology-type, 
a distinction whose scientific adequacy is examined further in the following discussion. Each theme 
also carries a distinct evidentiary weight: the screen-time and mental-health themes rest on claims 
that are, in principle, verifiable against existing epidemiological literature, whereas the cognitive-debt 
and brain-rot themes rest on emerging and still-contested scientific constructs. This asymmetry in 
evidentiary maturity across themes is what the following discussion evaluates in detail. 
 
Discussion 
The policy's argument concerning brain rot and cognitive debt aligns with the general direction of the 
cognitive offloading literature, which is rooted in the classic finding that individuals tend to transfer 
cognitive load to external tools when such tools are available (Risko & Gilbert, 2016; Sparrow et al., 
2011), and which has been updated by recent findings on the potential decline in neural connectivity 
resulting from reliance on AI assistants for writing tasks (Fleerackers et al., 2025; Kosmyna et al., n.d.). 
However, the policy appears to oversimplify a debate that is, in fact, far more nuanced within that 
literature. Buçinca et al. (2021) showed that overreliance on AI can be effectively mitigated through 
interface design, specifically cognitive forcing functions, without restricting access to the technology 
itself. Klingbeil et al. (2024) similarly found that the degree of dependence hinges on task context and 
user trust rather than on AI's mere presence. Fan et al. (2025), meanwhile, demonstrated that 
metacognitive laziness emerges depending on how and when AI is used during learning, rather than 
on AI use per se. Although drawn from a limited set of studies, these findings converge on a consistent 
pattern within the interface-design and human-AI interaction literature: overreliance is contingent on 
how AI is used, not merely on whether it is used at all. Consequently, the age based restriction adopted 
in the SKB actually conflicts with the main implication of the very literature it implicitly invokes, that 
design based interventions are better supported by evidence than categorical access restrictions, a 
pattern echoed in the school smartphone-ban literature, where categorical bans generally show weak 
or inconsistent effects on wellbeing outcomes (Böttger & Zierer, 2024; Campbell et al., 2024; 
Goodyear et al., 2025; Vanluydt et al., 2026). This finding extends our understanding of how contested 
scientific concepts can become oversimplified when translated into public policy discourse, a 
phenomenon rarely documented in prior AI education-policy literature, which has generally focused 
on institutional or higher-education levels (Hasanein & Sobaih, 2023). 
In contrast, the policy's argument regarding digital exposure and adolescent mental health is generally 
consistent with well-established literature. The finding that high screen time is associated with 
adolescent mental-health disorders has been supported by a systematic review (Santos et al., 2023), 
a longitudinal review of attention-deficit/hyperactivity disorder (ADHD) symptoms (Thorell et al., 
2024), and a rapid review of executive function (Maeneja et al., 2025). This consistency strengthens 
the scientific legitimacy of the policymaker's concern on this theme, even though the manner of 
presentation, particularly the 7.5-hour figure cited without specifying the measurement method, 
period, or data source, falls short of the methodological transparency typically found in the 
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comparison studies. This gap in methodological transparency between policy discourse and academic 
literature constitutes one of the study's contributions. The issue lies not in the substantive validity of 
the concern itself, but in how the supporting evidence was presented. 
One finding that appears contradictory at first glance is the coexistence of firm restrictive rhetoric, 
avoiding brain rot and cognitive debt, with a government policy that simultaneously promotes coding 
and AI as elective subjects, from fifth grade through senior high school, starting in the 2025–2026 
academic year. This tension can be explained through Entman (1993) framing framework, in which the 
policymaker appears to deliberately separate two distinct framing objects: "AI" as a cognitive threat 
on one hand, and "AI designed for education" as a means of empowerment on the other. This 
separation allows both narratives to coexist without appearing contradictory to the public. Further 
analysis of related policy documents indicates that this distinction may be operationalized in even 
greater detail through a tiered-zone framework, namely prohibited zones, restricted zones with rules, 
and recommended zones requiring reflection. Although this framework does not appear in this study's 
primary data, it is relevant for understanding that what looks like a rhetorical contradiction may in 
fact be translated into more detailed technical differentiation at the implementation level. This 
interpretation is theoretical, grounded in the framing framework applied, rather than a causal claim, 
given that the study's primary data did not directly reference this zoning scheme. 

IMPLICATION 
Theoretically, this study contributes to two areas. First, it extends the application of framing theory 
(Entman, 1993) to the domain of AI education-policy discourse in Indonesia, a context largely 
unexamined in prior technology-policy framing literature, which has focused predominantly on 
developed countries (Nguyen & Hekman, 2024; Ulnicane & Aden, 2023). Second, this study 
demonstrates that the concepts of cognitive offloading and cognitive debt, whose degree of 
generalizability remains debated at the academic level (Buçinca et al., 2021; Kosmyna et al., n.d.), have 
been translated into public policy discourse with far less nuance than in their originating literature. 
This phenomenon may be termed science-to-policy simplification and could serve as a conceptual 
framework for future research on how popular scientific terms are adopted into regulation. This 
theoretical contribution remains propositional and requires further testing across other policy cases, 
since this study analyzed only a single policy case. 
 
Practical Implications 
Practically, these findings carry concrete implications for policymakers and education practitioners. 
For policymakers, the gap identified between the design/context-based literature (Buçinca et al., 
2021; Fan et al., 2025) and the age-category restriction suggests that the SKB's technical 
implementation guidelines should place greater emphasis on training teachers to design tasks that 
promote cognitive forcing, for example, requiring students to draft their initial reasoning before using 
AI to check their work, rather than simply banning access for a given age group (Nazaretsky et al., 
2022), consistent with calls in the AI-literacy literature for structured, age-appropriate competency 
frameworks rather than blanket restriction (Casal-Otero et al., 2023; Chiu et al., 2024). 
 
Policy/Government Implications 
For government and policymakers, these findings imply that the SKB's technical implementation 
guidelines should be revised to emphasize interaction design and cognitive-forcing task requirements 
rather than uniform age-based access restriction. Guidance should also be differentiated between 
senior high school and vocational school contexts, as their AI-use patterns diverge and vocational 
schools may require technical guidance distinct from that of general schools (Antonietti et al., 2022), 
much as school-level implementation of restrictive and permissive device policies has been shown to 
vary considerably in design and rationale (Randhawa et al., 2025). Institutions implementing the SKB 
may also benefit from the kind of structured faculty-facing policy guidance documented in higher-
education academic-integrity practice (Alsharefeen & Al Sayari, 2025). Finally, given the 
methodological gap identified in the informant's uncited screen-time figure, government 
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communication teams should adopt a standard practice of citing verifiable data sources when 
presenting statistics to justify public policy, in order to sustain public trust and credibility before a 
public that is increasingly critical of data-based claims. 
Indonesia's AI restriction policy for basic and secondary education students is built on cognitive and 
mental-health concerns with a legitimate scientific foundation. Yet it has been translated into a 
categorical restriction that is, in fact, poorly aligned with the main direction of the literature it 
implicitly invokes, literature that favors design- and context-based intervention over mere access 
restriction. This gap between the richness of scientific nuance and the simplicity of the policy narrative 
constitutes this study's core contribution, and it deserves central attention from both scholars 
studying AI education policy and policymakers designing technical guidelines for its implementation 
on the ground. 
 
CONCLUSION 

This study conducted a thematic analysis of the justificatory discourse behind the policy restricting AI 
use among basic and secondary education students, as articulated by the Coordinating Minister in the 
SKB, thereby addressing the three research objectives set out at the outset. For the first objective, the 
study identified six justificatory themes: the restriction's scope within basic and secondary education, 
the cognitive-risk-based argument, the differentiation of permitted AI use, cross-ministerial 
legitimacy, the policy's risk-mitigation framing, and the supporting context of digital-exposure and 
adolescent mental-health data. For the second objective, comparison with the 2021–2026 literature 
showed that the policy's arguments about screen time and adolescent mental health are generally 
consistent with available scientific evidence. In contrast, its arguments about cognitive debt and brain 
rot oversimplify an ongoing scientific debate, specifically, whether cognitive dependence on AI is more 
appropriately mitigated through access restriction or through interaction design and use-context. For 
the third objective, the framing analysis showed that the policy was deliberately communicated as a 
protective, rather than restrictive, measure, through the categorical separation between "AI" as a 
threat and "AI for education" as a tool of empowerment. 
This study's principal contribution lies in filling the gap identified in the introduction. The previously 
unaddressed intersection of four bodies of literature that have developed separately, namely GenAI 
education-policy studies focused on global institutional and higher-education levels, experimental 
studies on cognitive dependence that have not reached consensus, screen-time and adolescent 
mental-health studies based on developed-country data, and Indonesian digital-literacy studies that 
have not yet addressed national policy. By analyzing the discourse of Indonesia's first national AI 
education policy explicitly targeting basic and secondary education, this study provides an empirical 
meeting point for these four bodies of literature. It also introduces a new lens for reading educational 
technology policy, one that examines not only the substantive validity of its arguments but also how 
those arguments are rhetorically framed for the public. This significance lies in the novelty of the 
research object itself. To the best of our knowledge, no prior academic study has positioned a 
policymaker's official statement as the primary unit of analysis for evaluating AI education-restriction 
policy in Indonesia. 
Theoretically, this study shows that scientific concepts whose generalizability remains contested, such 
as cognitive debt, may be oversimplified when translated into public policy discourse, a pattern that 
enriches the application of framing theory to educational technology policy beyond developed 
countries. Practically, these findings direct policymakers' and schools' attention toward the need for 
technical guidelines that emphasize interaction design and differentiation across education levels, 
rather than uniform access restriction. This study's reliance on a single data source and a single 
informant nonetheless opens the way for future research that triangulates this discourse with the 
SKB's official text, statements from other ministries, and the firsthand experiences of students and 
teachers. 
In a broader context, these findings reflect a challenge faced by many developing countries as they 
attempt to respond to a pace of AI development that far outstrips both available scientific evidence 



Page 55 of 58 
Volume 1(1), August 2026 

International Journal of Education Reports 

and existing regulatory capacity. Public policy must often be formulated amid scientific uncertainty, 
so an easily understood public narrative becomes a comprehensible shortcut, yet one that risks 
oversimplifying nuances that are, in fact, essential to the policy's own effectiveness. Indonesia's 
experience in formulating the SKB is therefore not merely a technical education matter. It also reflects 
how countries outside the centers of global technological innovation negotiate their position between 
protecting younger generations and keeping pace with digital transformation. Ultimately, this study 
affirms that good policy for Indonesian children in the age of artificial intelligence is defined not by 
the forcefulness of its restrictive rhetoric, but by how carefully it translates the complexity of scientific 
evidence into guidelines that can genuinely be implemented in the classroom.  
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